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Data griot…

“Griots were the bard/spin-doctors of the African 
Continent, taking traditional histories and reworking 
them to satisfy the needs of the audiences they found…

…sometimes people need paragraphs. My job is to 
humanise the numbers, to turn that huge quantity of 
data into stories…”

Sheret, 2011

mailto:leah.macfadyen@ubc.ca
http://met.ubc.ca/
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A quick outline
A brief introduction to grassroots analytics at UBC:

1. Understanding our students better

2. Exploring learner engagement

3. Unpacking learning in our MOOCs

4. Text analysis of feedback comments/evaluations

5. Exploring learner pathways

6. Supporting self-regulated learning

….and some examples of implementations elsewhere

Learning Analytics:

the measurement, collection, analysis and reporting of 
data about learners and their contexts for purposes of 
understanding and optimizing learning and the 
environments in which learning occurs.

http://www.solaresearch.org

http://www.solaresearch.org/
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Possible LA goals

� Learner self-awareness

� Monitoring and tracking

� Reflection and research

� Evaluation and planning

� Reporting and communication

adapted from Kay (2013)

Learning analytics has the potential to….

• Empower students
• Offer instructors faster formative feedback
• Identify, earlier, students in need of support
• Illuminate curriculum connectivity
• Improve curriculum alignment
• Improve assessment of learning
• Improve evaluation of teaching
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� What can clickstream data tell us about how students 
learn?

� What does ‘learner engagement’ look like in virtual 
learning environments and how can we detect it?

� What are the most common themes in student feedback 
comments?

� What are the most common enrollment choices our 
learners make to complete their degrees? Do ‘high 
achievers’ make different choices than ‘low achievers’?

LA questions at UBC

� Do students from different parts of the world show 
different activity levels/patterns in online courses? Does 
it matter?

� Which students are more likely to complete course 
evaluations, and does it matter?

� Have average grades changed over time, and how?

� Which students are most at risk of failure? (How early can 
we identify them and provide better support?)

� Who are our students? Where do they come from and 
how has that changed over time?
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Big (educational) data at UBC…

� Student information (demographics, origins, academic history…)

� Enrollment information (enrollments, withdrawals, grades, 
program specializations)

� Course evaluations (scores, comments)

� LMS activity data (‘clickstream’ data)

� MOOC data

� Activity data from other technologies (lecture annotation 
systems, blogs, wikis, piazza, PeerWise…)

� All kinds of student writing (online, offline)

� Open data (LinkedIn data, geographic data…)

1. Understanding our 
students better
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Motz, B. A., Teague, J. A., & Shepard, L. L. (2015). 
http://er.educause.edu/articles/2015/3/know-thy-students-providing-aggregate-student-data-to-instructors

http://er.educause.edu/articles/2015/3/know-thy-students-providing-aggregate-student-data-to-instructors
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“Student Success” Dashboards
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Attrition by student world region, 2007, 2008, 2009

For details of  'world region' country groups, see Appendix.
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For details of  'world region' country groups, see Appendix.
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Attrition studies

Forum 1 Forum 2

2. Exploring learner engagement in VLEs
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Forum 1 Forum 2
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Linda Corrin, University of Melbourne

Threadz LTI for Canvas, Eastern Washington University
https://threadz.ewu.edu/

https://threadz.ewu.edu/
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3. Unpacking learning in MOOCs
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Learning design and engagement patterns
1st Offering 2nd Offering

Did learners participate ‘differently’? 
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4. Text analysis of feedback comments/ discussions
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https://www.quantext.org/index

https://www.quantext.org/index
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5. Exploring learner pathways (analysis of temporal data)
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Analysis of classroom activity data

“COPUS data”
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Pie charts of aggregate activity data collected 
using COPUS 

http://www.cs.umd.edu/projects/hcil/eventflow/

http://www.cs.umd.edu/projects/hcil/eventflow/
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The Purdue Signals Project 
http://www.itap.purdue.edu/studio//signals/

“The premise behind CS 
is fairly simple: utilize the 
wealth of data found at an 
educational institution, 
including the data 
collected by instructional 
tools, to determine in real 
time which students might 
be at risk, partially 
indicated by their effort 
within a course.”

Arnold & Pistilli, 2012

6. Supporting self-regulated learning

http://www.itap.purdue.edu/studio/signals/
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Dashboard gives LMS (Blackboard) metrics to show students 
measures of their activity in a course site versus their peers’ activity 
levels. Where the grade book is implemented, the tool also offers 
learners a summary of activity levels of peers who earned lower or 
high grades. 

‘Check my Activity’ at UMBC (USA)

The Learning Analytics Report Card (LARC), 
University of Edinburgh

The ‘Learning Analytics Report Card’ 
(LARC) captures data from an 
individual student’s course-related 
activity, and presents a summary of 
their academic progress in textual and 
visual form. However, rather than 
manifesting through hidden and 
inaccessible institutional data 
aggregation and analysis, the LARC 
offers students an opportunity to play 
with their data; to choose what is 
included or excluded, when the report 
is generated, and how it might be 
presented.

http://www.de.ed.ac.uk/project/learnin
g-analytics-report-card

http://www.de.ed.ac.uk/project/learning-analytics-report-card
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http://evidence.laceproject.eu/

http://evidence.laceproject.eu/
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